ECE 6010
Lecture 8 — Random Processes in Linear Systems

Continuous time systems

Recall: A signal X, through a linear system produces an output
Y, = / h(t, s)Xsds.

e The system is causal if h(t,s) = 0 fort < s. In this case,

t
Y, = / h(t,s)Xds.

— 00

e The system is time invariant if h(t,s) = h(t — s,0) 2 h(t — s) forall ¢ and s. In
this case, Y; is obtained by convolution:

t
Y; :/ h(t — 8)Xsds = h* X.

In this case, we can do analysis using Fourier transforms:

Suppose the input function is a random process instead of a deterministic signal. How can
we characterize the output function?
Let

Y: = / h(t,s)Xsds

—00

The integral is to be interpreted in in the mean-square sense. Properties:
o [T h(t,s)Xsdsexists < [ [% h(t,s)h(t,q)Rx(s,q)dsdq < cc.

o py(t) = [T h(t,7)ux (r)dr. Thatis, the mean of the output is the response of the
mean of the input:

ElY,]=E [ / )X, dlt] = / 7 E[X] dr

— 00 — 00

e Rxy(t,s) = E[Y;X,] = [7_h(t,T)Rx(r,s)dr. Thatis, the correlation between
the input and the output is the response to the autocorrelation with respect to the 1st
input.

e Ry(t,s) = EWY] = [7_ [% h(t,0)Rx (0, 7)h(s,T)dodr.

o If {X;,t € R} isW.S.S. and h is tine-invariant. Then {Y;} is also W.S.S., and { X}
and {Y;} are jointly W.S.S. and the following hold:

Loy = pa ffooo h(t) dt
2. Ryx(r) = [7_h(r — 0)Rx(0)do = (h = Rx)().

3. Ry(r) = ffooo ho — 7)Ryx(0)do = (h* Ryx)(r) = (h* H % Rx)(7),
where h(t) = h(—t).
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4. Syx(w) = H(w)Sx(w)
5. Sy(w) = H*(w)H(w)Sx(w) = |H(w)[*Sx(w). The quantity |H (w)|? is
sometimes called the power transfer function.

Example 1 Suppose we have an RC circuit (C in parallel). Then

t
Y; = a/ e~ =1 X dr,

—00

where o = 1/RC. Then
(0%

H(w) - o+ iw

h(t) = e “u(t)

If . (t) = 0, Rx (1) = o2~ PI7| (that is, X is wide-sense Markov), we have

2P0?
SX(W) = w2 ¥ 62
Then
py(t) =0
a? 2802

Sy (w) = [H(w)|*Sx (w) = PN

We can find Ry () by an inverse F.T.:
2 .2
).

ﬁ2_a2 o

Discrete-time filters

Let T = Z. The output of a discrete-time system is

Y, = Z hi1 X

l=—00

Causal: hy; = 0for k < [. Time-invariant: hy; = hx—0 = hi—; forall k,1 € Z. Then

Yk = Z hk,le = (h*X)k

l=—0c0

We can transform in the time-invariant case using a Z-transform,

or )
Yi = 50 Y (2)2F 1t dz.
We also deal with the discrete-time Fourier transform, obtained by evaluating on the unit
circle z = e™. We write
H(z)| = H(w).

(This is an abuse of notation, but makes the notation consistent with continuous time.)

z=elw
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For a random process, we still have

Yk = Z hk_le = (h*X)k,

l=—00
but we interpret this in a m.s. sense:
n
lim E[(Yi— Y heiX1)?] =0.

m,n— o0
l=—m

Properties:

L Yeexists< >0 S hiyRx(l,m)hg,m, < oo.

2. py (k) = 2202 e (1)

3. Ryx(k,n) = Zfi_oo hiiRx(l,n)

4. Ry (k,n) =312 hniRyx(k,0) =33, hnihiemBRx(m,l)

5. If {Xi} is W.S.S. and {hg,} is time-invariant, then {Y%} is W.S.S. and { X} },{Y%}

are jointly W.S.S. Then:

@) py = pa Zk b
(b) Ryx(k) = (hxRx)(k)
(©) Ry (k) = (h* X % h)(k), where h(k) = h(—k).

These properties can be expressed in the Z-transform domain:

(@ Hy = ﬂzH(z)|z:1-
(b) Syx(2) = 2 Ryx(k)z~* = H(Z)Sx(2)
(€) Sy(z) =Y, Ryx(z)z~F = H(z"")H(2)Sx(2).

These can be further expressed on the unit circle as:

(a) My = NxH(W)|w=O'
(b) Syx(w)=H(w)Sx(w)
(© Sy(w) = [H(w)[*Sx(w).

Example 2 Consider the feedback system with
Yi = Xi + oY

with || < 1. We have

and

H(Z):zfa: 1—az"1’

so H(1/z) =1/(1 — az).

Suppose px (k) = 0 and
No/2 k=0
0 else.

Rx (k) = {

This is discrete-time white noise. Then
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N()/2
(1—az)(l—az1)

Sy (2) = H(2)H(1/2)5x(2) =
Computing the inverse Z-transform we find

No
Ry (k) = ———al*l.
v (k) 21— a2)"
This gives us a discrete-time wide sense Markov process.
Note that for the white noise signal,

Zthn (I,m)Rx(m,n) = thn

No/26n,m

For time-invariant systems,

N()

Sy(w) = o [Hw)[*.

White Noise

We have seen that for a discrete-time signal we can create a “white” noise with the proper-
ties N
Mx(k) =0 Rx(k’ l) 205k,l-

For continuous time random processes, we say that it is white noise if

px(t) =0

Rx(t,s) = %5(15 —s5).
This is thus W.S.S. However, since we are dealing with the Dirac ¢ function, we do not
have a second order random process. Because of this, such a process cannot be said to
exist in a physical sense. Nevertheless, it is a very important and practical model for use in
conjunction with linear systems.

Using a white noise process is fine as long as it is input to a linear system (which will
integrate the process, thus smoothing it out).

Note that if the process is Gaussian and white, then the output is also Gaussian. In this
case, knowing the first and second distributions (e.g., mean and correlation functions) is
sufficient to entirely characterize the f.d.d.s of the joint processes.

We mentioned earlier the Wiener random process. Let us consider one now having
with zero mean:

Rw (t,s) = o*min(t, s) + p*ts = o min(t, s)
We can approximate the white random process using differences,
{Wt+At - Wt}-

In the limit, we can take the derivative of the Wiener process to obtain a white noise process.
What is the autocorrelation function of the derivative of the Wiener process?

ORw(t,s) [o? t<s
ot 0 t>s.
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82RW (t,s)
0sot
So we get a W.S.S. white random noise process. Strictly speaking, however, the derivative
does not exist in the m.s. sense.
We always employ white noise r.p. in the context of an integration operation (e.g.,
running through a system).

=o%5(t — ).



